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The e-Invoice is ; @
transmited in real time
to the government '"’;9 buyer authorizes {\l’qt::‘\"el
= 0 access e-invoices issu
Government ‘
Wekasrvices by all of their suppliers
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The supplier company simply
issues the e-Invoice to the goverment

Arquivei automatically fetches,
stores in the cloud and analyses
v the e-invoices in real time

INTERFPAVE.JIE

The buyer company must simply
have an Arquivei account
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Democratizando a Informacao
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Temos vagas: arquivei.com.br/vagas
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» Extrair 50M de XMLs de um PSQL
oContagens
oHistorico



Problema
inicial

¢p) arquivei

» Extrair 50M de XMLs de um PSQL
oContagens
oHistorico
oEm tempo real...



Problema  » Extrair 50M de XMLs de um PS
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» Extrair 50M de XMLs de um PSQL
oContagens
oHistoérico
oEm tempo real...




Requisitos
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» Sistema de coleta de dados
oEscalavel
oPouco intrusivo
oConsistente
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> Python (Scriptao)
> AWS
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AWS
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> Python (Scriptao)
» AWS

> Airflow

> Amazon EMR




GCP
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» Google Dataflow
oGerenciado
OPython *_* (e Java)
oModelo de programacao facil
oStreaming!
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The road to Kafka
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Primeiro
modelo
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» SQS

> Pub/Sub
oBarato
oGerenciado
oSimples



Primeiro
modelo
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» SQS
> Pub/Sub
oBarato
oGerenciado
oSimples
oProblemas:
m Laténcia GCP/AWS
m Ordem
» Falta de experiéncia



Segundo
modelo
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» Requisitos do pipeline de dados
oPouca infra
oDeploys faceis para produtores e
consumidores
e Desacoplado
e Independente
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Terceiro
modelo

¢p) arquivei

» Apache Kafka
oBaixissima laténcia
oEscalavel
o“Barato”



Terceiro
modelo
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» Apache Kafka
oBaixissima laténcia
oEscalavel
o“Barato”
oProblemas
m Overhead de Infra
m Curva de aprendizado
e Escalabilidade
e Modelos de producao
e Modelos de consumo
m Libs limitadas para PHP
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Dataflow
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Dataflow
model
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» 2003 - GFS

» 2004 - MapReduce

» 2006 - Hadoop

» 2009 - Spark

» 2010 - Apache Flume

» 2013 - Google MillWheel
» 2015 - Dataflow model



Dataflow » 2003 - GFS
mode! » 2004 - MapReduce
» 2006 - Hadoop
» 2009 - Spark
» 2010 - Apache Flume
» 2013 - Google MillWheel
» 2015 - Dataflow model
» 2019 - Palmeiras continua sem mundial
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Dataflow
model
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» Akidau
» Bounded: batches
» Unbounded: streaming



Dataflow » Akidau
model > Flume (batch) + MillWheel (streaming)

» Batches existentes
oAlta laténcia

» Streamings existentes
oTolerancia a falhas, escalabilidade, laténcia
oComplexidade (janelamento)
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Dataflow
model
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» Conceitos
oEvent time vs Processing time
oWindows
oTriggers
oAccumulation modes



Apache > Implementag¢ao do modelo
Beam .
» Linguagens
oJava
oPython
oGo (experimental)
oPortability Framework
> |/Os prontos
oGCP
oAWS
oElasticsearch, Kafka, etc
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Google
Dataflow
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> Produto GCP
> Cluster gerenciado
» Autoscaling



Google > Produto GCP

Dataflow

Google

google dataflow vs i |

(=

google cloud dataflow vs aws
google cloud dataflow vs kinesis
google cloud dataflow vs nifi
google cloud dataflow vs talend
google cloud dataflow vs kafka
google cloud dataflow vs dataprep
google cloud dataflow vs spark
google cloud dataflow vs dataproc

google dataflow vs spark
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google dataflow vs dataproc

Pesquisa Google Estou com sorte
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Apache
Kafka
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» Kreps, 2011
» Offline: batch
> Online: streaming



Apache
Kafka
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» Kreps, 2011

» Streamings existentes
oProjetados para consumo offline

» Sistema proposto pelo LinkedIn



Apache
Kafka
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» Kreps, 2011
» Streamings existentes
oProjetados para consumo offline
» Kafka
oDistribuido e escalavel
oAPI consumo realtime
oProjetado tanto para consumo
m Offline
= Online



Apache
Kafka
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» Conceitos
oEvent time vs Processing time
o+Log Append Time
oStreams
» Ordenados
» Imutaveis
= Repetiveis
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Kafka + Dataflow
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Kafka+Dataflow
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Demo
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FAQ > Bibliografia
oAkidau, 2015
oKreps, 2011

<3 Logs
Designing Data-Intensive Applications

Kafka: The Definitive Guide

» Cddigos: github.com/arquivei

» Contatos:
o@leonardobarbie (twitter)
oleonardo.miguel@arquivei.com.br
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